The concept of overexcitability, derived from Dabrowski's theory of personality development, offers a promising approach for the study of the developmental dynamics of giftedness. The present study aimed at (a) examining the factorial structure of the Overexcitabilities Questionnaire-II scores (OEQ-II) and (b) testing measurement invariance of these scores across intelligence and gender. A sample of 641 Dutch-speaking adolescents from 11 to 15 years old, 363 girls and 278 boys, participated in this study.
of the data to the hypothesized model to be moderate (root-meansquare error of approximation [RMSEA] ϭ .049; goodness-of-fit index [GFI] ϭ .79; comparative fit index [CFI] ϭ .85). Whereas this lack of an adequate fit is informative, it may not be surprising. The reason is that most CFA analyses rely on the independent clusters model (ICM; Marsh et al., 2009) , a model in which each item loads on only one factor and where no cross-loadings are present. While an ICM is very parsimonious, it is often found to be too restrictive to model scores pertaining to measures of personality (Church & Burke, 1994; Marsh, 2007; Marsh et al., 2009 Marsh et al., , 2010 . With exploratory structural equation modeling (ESEM), an interesting alternative approach became available recently . ESEM uses exploratory factor analysis (EFA) for measurement modeling, which means that it models all cross-loadings. Moreover, ESEM has the additional advantage that it gives access to all the well-known SEM parameters such as residual correlations, regressions of factors on covariates, and regressions among factors . In a study of the Big-Five factor structure of the NEO-Five Factor Inventory, Marsh et al. (2010) demonstrated that when switching from the ICM to the ESEM model, the gain in absolute fit outweighed the loss in parsimony, resulting in better approximate fit indexes for the latter model (CFI and RMSEA) .
Drawing on these findings, the first goal of this study is to examine the factorial structure of the scores from the Dutch language version of the OEQ-II. Two models will be tested: the ICM and ESEM. Based on previous findings on the factorial structure of a similar measuring instrument (Marsh et al., 2010) , it is hypothesized that the ESEM will yield a better model fit-model parsimony balance than the ICM.
Measurement Invariance of the OEQ-II Scores
The majority of studies that have used the OEQ-II were designed to compare the scores of gifted and nongifted people. The results of these studies varied. Whereas all studies found gifted people to score higher on the intellectual OE scale (Bouchet & Falk, 2001; Chang, 2001; Chavez, 2004; Pardo de Santayana Sanz, 2006; Siu, 2010; Tieso, 2007; , only two studies found that gifted scored higher than nongifted people on all OE subscales (Chang, 2001; Siu, 2010) . In the pilot study, Bouchet and Falk (2001) also reported a higher score on the emotional OE scale. Two studies found gifted people to score higher on the imaginational OE scale (Pardo de Santayana Sanz, 2006; Tieso, 2007) . Only one study reported gifted scoring lower than nongifted people, and this on the psychomotor OE scale (Pardo de Santayana Sanz, 2006) . A recent study that compared OE-scores across different countries and cultures revealed that the Korean gifted group scored higher on the psychomotor OE scale than the U.S. group, while the U.S. group scored higher on the imaginational OE scale than the Korean group (Piirto, Montgomery, & May, 2008) .
Apart from differences between gifted and nongifted people, studies on overexcitability have also reported gender differences (see Silverman, 2008) . In particular, females score higher than males on the Emotional OE scale and Sensual OE scale (Bouchet & Falk, 2001; Gross, Rinn, & Jamieson, 2007; Miller, Falk, & Huang, 2009; Moon & Montgomery, 2005; Tieso, 2007; Treat, 2006; Wirthwein, Becker, Loehr, & Rost, 2011) . Conversely, males were found to score significantly higher on the intellectual (Bouchet & Falk, 2001; Miller et al., 2009; Moon & Montgomery, 2005; Treat, 2006) and on the psychomotor OE scale (Moon & Montgomery, 2005; Tieso, 2007; Treat, 2006) . Finally, one study found higher scores for females on the imaginational OE scale than for males (Gross et al., 2007) .
At this point it is important to note that a logical requirement of valid cross-group comparisons is that the questionnaire is measuring the same construct in the same way in all of these groups. This is the general issue of measurement invariance (Byrne, Shavelson, & Muthén, 1989; Millsap, 2011) . Only when the assumption of measurement invariance is valid, observed mean differences are indicative of differences on the latent factor level. As most of the studies with the OEQ-II were aimed at comparing OE-scores across different groups (gifted vs. nongifted; male versus female), it is surprising that measurement invariance has not yet been investigated.
To address this limitation, the second goal of this study is to test for measurement invariance of the OEQ-II scores across a gifted and nongifted group as well as across gender. Following the tests on measurement invariance, we explore between-group differences in factor variances, factor covariances, and factor means. This will allow us to evaluate whether the differences that were found in previous research point to true between-group differences.
Method Participants
A sample of 641 adolescents, ranging from 11 to 15 years old (M ϭ 13.3 and SD ϭ 0.78) participated voluntarily in this study. There were 363 girls and 278 boys. The participants were students from the first (53.4%) or the second year (46.6%) of secondary school. The sample was drawn from seven schools, located in different regions of Flanders, the Dutch speaking part of Belgium. As an indication of socioeconomic status, for 1.6% of the participants both parents received no or only primary education, 12.6% of the participants had at least one parent who received at most secondary education, and 85.8% of the participants' had at least one parent with a higher education degree. For boys and girls, these socioeconomic status (SES) percentages were very similar (Mann-Whitney U, p ϭ .739), although for the gifted group parents were more likely to fall in higher SES-categories than for the nongifted group (Mann-Whitney U, p ϭ .031). For 75.2% of the participants both parents were of Belgian descent, 13.2% of the participants had one parent who was of Belgian descent, and 11.6% of the participants' parents were of foreign origin (in half of the cases of African origin). As expected, the distribution of ethnicity was similar for boys and girls (Mann-Whitney U, p ϭ .770). Compared with nongifted individuals (72.5%), gifted individuals tended to be more frequently from Belgian descent (81.3%) although this difference was only marginally significant (Mann-Whitney U, p ϭ .052).
& Andries, 2004) . The OEQ-II is a 50-item self-rating questionnaire (see Appendix). Each OE subscale (psychomotor; sensual; imaginational; intellectual; emotional) is made up of 10 items and all items are rated on a 5-point Likert-type scale ranging from 1 (not at all like me) to 5 (very much like me). The original English version of the instrument resulted in scores that are internally consistent, with Cronbach alpha scores from .84 (emotional) to .89 (sensual; intellectual; Falk et al., 1999) . For the translated version, Braham and Andries (2004) obtained Cronbach alpha scores ranging from .79 (imaginational) to .85 (psychomotor).
Raven's Standard Progressive Matrices. The Raven's Standard Progressive Matrices (SPM) was administered to measure participants' (general) intelligence. The SPM is a nonverbal test, consisting of five sets of 12 different matrices that gradually increase in difficulty. Each item shows a design with one part missing, and the respondent has to select the correct part to complete the design from six options (Raven, Raven, & Court, 1998) . The Raven's Progressive Matrices is widely accepted as a measure of analytical reasoning and fluid intelligence (Carpenter, Just, & Shell, 1990) . To investigate measurement invariance across intelligence, we created groups according to the score on the Raven: The first group was formed with students who had a score above P80 (N ϭ 144), the second with students who had a score beneath P60 (N ϭ 407). This way, the more intelligent (or gifted) students were grouped in one group, the students with an average to low intelligence in another. Although the IQ scores of gifted people often exceed P80, we chose for this cutoff as it allowed us to test for measurement invariance while still retaining a reasonably large group of intelligent students. The reliability estimate of the Raven scores based on a congeneric model was .72 (.73 for boys and .71 for girls, .52 for the nongifted group and .01 for the gifted group). The low reliability estimate for the gifted group is due to a serious range restriction in the scores of this group. This is not problematic as the precision of the IQ-scores in this group is better than that of the nongifted group and that of the entire sample (standard errors of measurement 4.48 vs. 8.57 and 7.94, respectively).
Administration Procedure
Both the OEQ-II and the Raven SPM were administered during class meetings at a single 1-hr session. Participation was anonymous, and the data were used for research purposes only. After some demographic data were gathered, and the students were instructed on the administration, they had 40 min to complete the Raven SPM, and 15 min to fill out the OEQ-II.
Data Analytic Procedure
All analyses were conducted using Mplus (Version 6.12; L. K. . As the items of the OEQ-II are orderedcategorical measures, we used a weighted least squares mean and variance adjusted (WLSMV) estimator (Flora & Curran, 2004; B. Muthén & Kaplan, 1985) , which is an estimator specifically designed for models involving ordinal, nonnormally distributed data.
1
To examine the factorial validity of the OEQ-II scores, both an ICM and an ESEM were tested. Students' scores on the OE items were modeled as indicators of the five OE factors. Because these factors are predicted to covary according to Dabrowski's (1972) theory, factors were allowed to correlate in the ICM analysis. For purposes of comparability, in the ESEM analysis we used an oblique target rotation in which we rotated the solution toward a simple structure (i.e., the structure proposed by the ICM model). The fit of our ICM-and ESEM-models was not only assessed with the 2 statistic (with 0 Յ 2 Յ 2df indicating good fit and 2df Յ 2 Յ 3df indicating acceptable fit) but also with the CFI, the Tucker-Lewis index (TLI), and the RMSEA. For the CFI and TLI, values above .90 reflect acceptable fit and values above .95 reflect excellent fit to the data. For the RMSEA, values less than .05 indicate good model fit (Hu & Bentler, 1999; Marsh et al., 2010) .
To test for measurement invariance, we first refitted the ESEM model in a CFA framework (i.e., ESEM-Within-CFA; . The reason is that, despite the flexibility of the ESEM model, some aspects of traditional SEM models cannot readily be implemented. One such aspect, which is of particular relevance to the present study, is that ESEM does not allow for partial invariance of the factor loadings. For this reason, we build a CFA model with the same df and, within rounding error, the same chi-square value, fit statistics, and parameter estimates of the ESEM model. This was done by adding m 2 constraints to the ESEM-Within-CFA model (with m being the number of factors). To do so, we fixed the m factor variances to 1 and fixed the cross-loadings of m anchor items (i.e., items with a large loading on the factor that they are designed to measure and small crossloadings on the other factors) to the values of the ESEM solution (see the supplemental material of Marsh et al., 2013) . This procedure yields an ESEM-Within-CFA solution that is equivalent to the ESEM solution and that is comparable to traditional SEM in terms of possible parameter constraints . Subsequently, invariance of the ESEM-Within-CFA model was evaluated by estimating a series of nested ESEM-Within-CFA models using the Theta parameterization of MPlus (Millsap & Yun-Tein, 2004) . In the Theta parameterization, residual variances for continuous latent response variables of observed categorical dependent variables are parameterized in the model, but scale factors for continuous latent response variables are not (L. K. . 2 First, we examined whether the same configuration holds across both groups (i.e., configural or pattern invariance). To this end, we estimated an ESEM-Within-CFA model in which the factor variances were fixed to 1 in both groups, the crossloadings of the anchor items were fixed to the values of the single-group ESEM solution in both groups, and the means were fixed to 0 in the first group . Moreover, the first and second item threshold of each item were constrained equal across groups (Millsap & YunTein, 2004 ). The other model parameters (i.e., the factor load-1 Normality was tested using the SPSS macro of DeCarlo (1997) . For 48 of the 50 items, the univariate distribution of the scores significantly differed from normality. In addition, an omnibus test for multivariate normality based on Small's statistic (DeCarlo, 1997) revealed significant deviations from multivariate normality as well, 2 (100) ϭ 3720.91, p Ͻ .001.
2 When using the theta parametrization in Mplus, all latent intercepts are fixed to zero (see Millsap & Yun-Tein, 2004 ). This document is copyrighted by the American Psychological Association or one of its allied publishers.
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ings of the nonanchor items, the main loadings of the anchor items, the third and fourth item thresholds, the unique item variances, the factor covariances, and the factor means in the second group) were estimated freely. Subsequently, we progressively constrained additional sets of parameters to be equal across the groups. In particular, in the second test, weak or metric modification index (MI) was tested by, in addition to the constraints from the configural invariance model, also constraining the factor loadings of the nonanchor items and the main loadings of the anchor items to be equal across groups. No equality constraint was put on the third and fourth item thresholds, the unique item variances, the factor covariances, and the factor means. Moreover, the factor variances in the second group were also estimated freely (see Morin et al., 2013) . Strong or scalar MI was evaluated in the third test, where in addition to the constraints of the weak MI model, the third and fourth item threshold were constrained to be equal across both groups (unique item variances, factor variances, factor covariances, and factor means were still allowed to differ). In the fourth test, we tested for strict MI by extending the strong MI model with an across-group equality constraint on the unique item variances (in addition to the factor loadings and thresholds; Marsh et al., 2010; Meredith, 1993; Millsap & Yun-Tein, 2004) . Following the tests for MI, we tested for structural invariance by examining whether the factor variances, factor covariances, and factor means were invariant across groups. This was done by adding equality constraints to the strict MI model. In particular, first factor variance invariance was tested by constraining the factor variances to be equal across groups (in addition to the constraints of the strict MI model). Subsequently, we tested for factor covariance invariance by constraining the factor variances and covariances to be equal across groups. Finally, to test for factor mean invariance, we constrained the factor variances and covariances to be equal across groups, and fixed the factor means in the second group to 0.
From the foregoing, it is clear that we used a stepwise procedure where with each step more constraints were added to the model. At each step of the sequence, the absolute as well as the relative fit of the model, that is, the degree of model fit as well as the degree of change in fit, was evaluated. To assess absolute model fit, we used the 2 , CFI, TLI, and RMSEA. To compare the fit between consecutive models, the DIFFTEST option was used to obtain a corrected chi-square difference test (L. K. . If the corrected chi-squared difference test was nonsignificant, the fit of the more highly constrained model did not differ significantly from that of the less constrained one. Hence, the more highly constrained model was preferred. However, if the corrected chi-squared difference test was significant, at least one of the constrained parameters was noninvariant across groups.
To identify possible sources of misfit (i.e., the noninvariant parameters), we relied on an inspection of the MIs (see Byrne et al., 1989) . MIs pertain to specific fixed parameters in the model (in this case the parameter constraints) with a MI for a particular parameter representing the lower bound estimate of the expected decrease in chi-square when this parameter would be estimated freely (i.e., when the parameter constraint would be removed). As such, the parameter with the highest MI has the largest contribution to model misfit, which implies that the data do not support the constraint on this parameter and that it has to be removed. The procedure of identifying noninvariant parameters was done in a one-by-one fashion through examination of the MIs. Specifically, the parameter constraint found to contribute most to model misfit was removed and the model subsequently reestimated and reevaluated based on the DIFFTEST. If the DIFFTEST was still statistically significant, an additional parameter was freed based on the MI's of the last model. This procedure was repeated until the p-value of the DIFFTEST exceeded .05.
Results

Missing Data
Initial inspection of the data revealed that 1.47% of the OEQ-II item scores were missing or invalid. To examine whether the data were missing at random (MAR), thereby justifying the use of data imputation methods, we conducted Little's missing completely at random (MCAR) test (Little, 1988) . This test, for which the null hypothesis is that the data are missing completely at random, was found to be statistically significant (p ϭ .037). However, missing at random (MAR) could be assumed, which means that the missingness on a given variable does not depend on the values of the variable itself but may depend on other variables that are included. MPlus provides maximum-likelihood estimation under MAR for ordered categorical variables.
Reliability
The OEQ-II total score demonstrated satisfactory internal consistency reliability (␣ ϭ .897). Moreover, the subscale scores displayed acceptable internal consistency as well, with Cronbach's alphas ranging from .75 to .83.
OEQ-II Factor Structure: ESEM Versus ICM
In a first step, all data were subjected to both an ESEM and an ICM. As judged by two of the three fit indices, the ESEM solution provided a modestly acceptable fit to the data: CFI ϭ .913 (Ͼ.90) and RMSEA ϭ .044 (Ͻ.05). One fit index was below the recommended cutoff value: TLI ϭ .891 (Ͻ.90). For the ICM model (see Figure 1 ), all three fit indices fell below their recommended cut value: CFI ϭ .846 (Ͻ.90); TLI ϭ .839 (Ͻ.90); RMSEA ϭ .053 (Ͼ.05).
Because both the ICM and the ESEM solutions were unable to meet the criteria for acceptable fit, the models were reexamined for potential improvements. Inspection of the MIs suggested that the fit indices of the ESEM model were acceptable if an error covariance were added between Items 1 ("I like to daydream") and 14 ("When I get bored, I begin to daydream"; MI ϭ 194.544) and between Items 37 ("I am moved by beauty in nature") and 48 ("I love to listen to the sounds of nature"; MI ϭ 139.90). Adding these error covariances also made sense from a substantive point of view as Items 1 and 14 ("daydreaming"), and 37 and 48 ("nature") refer to the same activity or object. Therefore, it could be expected that these items share unique variance that is not shared with the other items of the Imaginational and Sensual factor, respectively (as these other items concern other activities and objects). In other words, we believe that these items share 'unique' variance that is This document is copyrighted by the American Psychological Association or one of its allied publishers.
linked to the particular activity. Inclusion of the two error covariances resulted in models with the following fit indices: 2 ϭ 2872.19; df ϭ 1163, p Ͻ .001; CFI ϭ .877; TLI ϭ .870; RMSEA ϭ .048 for the ICM and 2 ϭ 1829.49; df ϭ 983; p Ͻ .001; CFI ϭ .939; TLI ϭ .924; RMSEA ϭ .037 for the ESEM. When comparing the fit indices of both solutions, it is clear that the ESEM solution provided a good fit on all three indices, whereas the ICM did not. Apparently, the loss of parsimony due to the less restrictive ESEM-model did not outweigh the gain in absolute fit. For this reason, we continued with the ESEM model, the factor loadings (s), thresholds (s), and unique item variances (␦s) of which are shown in Table 1 . Table 2 presents the goodness-of-fit statistics and the DIFFTEST. The configural invariance model (i.e., Model 1) showed good fit statistics: RMSEA was well below .05, CFI and TLI were above .90, and the 2 -value was smaller than 2df. In a next step, weak MI was tested (i.e., Model 2). Again, the fit indices indicated a good model fit (see Table 2 ). Moreover, comparison of the fit indices with the previous model showed an improvement on all three approximate fit indices, thereby supporting the more parsimonious weak MI model. However, the chi-square difference statistic (DIFFTEST) pointed to a significant difference with the previous model. To identify the noninvariant factor loadings, we inspected the MIs. After freeing the factor loading with the highest MI, the model was again compared with the configural invariance model using the DIFFTEST. If the DIFFTEST became nonsignificant, the procedure stopped; otherwise the MIs of the new model were inspected and an additional factor loading was freed. Following this procedure the loadings of Item 48 on Intellectual OE (MI ϭ 19.52), Item 49 on Imaginational OE (MI ϭ 18.40), Item 15 on Imaginational OE (MI ϭ 18.59), and Item 29 on Sensual OE (MI ϭ 16.00) were identified as noninvariant. When these factor loadings were freed across both groups, the DIFFTEST became nonsignificant (see Model 2d).
Measurement Invariance Across Intelligence
Subsequently, partial strong (or scalar) MI was tested (i.e., Model 3). As Table 2 shows, all fit indices indicated good fit, and comparison with the partial weak MI model showed an improvement of the three approximate fit indices. Moreover, the DIFFTEST was not statistically significant.
When testing for partial strict measurement invariance, model fit was good and compared to the previous model the approximate fit indices were virtually the same (see Model 4 in Table 2 ). However, the DIFFTEST was significant. Using the same procedure as before, we systematically examined the MIs to test which unique item variances were responsible for this departure from partial strict measurement invariance. We found that the unique variance of Items 27 (MI ϭ 9.87), 14 (MI ϭ 9.40), and 19 (MI ϭ 9.38) were larger in the nongifted group Figure 1 . Independent clusters model of the five-factor structure of the Overexcitabilities Questionnaire-II (OEQ-II; Falk et al., 1999) . OE ϭ overexcitability; PS ϭ psychomotor; IM ϭ imaginational; IN ϭ intellectual; SE ϭ sensual; EM ϭ emotional. This document is copyrighted by the American Psychological Association or one of its allied publishers.
than in the gifted group. After releasing the equality constraint for these unique variances, the DIFFTEST was no longer significant (see Model 4c).
Having established partial strict measurement invariance of the measurement model across intelligence groups, we are now in a position to validly compare the factor variances, factor covariances, and factor means across the gifted and nongifted group (Lievens & Anseel, 2004; Yoo, 2002) . To do so, we started from the partial strict measurement invariance model and added an across-group equality constraint on the factor variances (see Model 5 in Table 2 ). This caused a small deterioration in model fit, which was due to the fact that the variance of Psychomotor OE was larger for the gifted than for the nongifted group (MI ϭ 22.66). Subsequently, factor covariance invariance was demonstrated by a nonsignificant decrease in model fit when we added an additional equality constraint on the factor covariances (i.e., Model 6). Finally, we tested for invariance of the factor means by adding an equality constraint on the factor means as well. As Note. ESEM ϭ exploratory structural equation modeling. The principal subscale loadings are printed in bold. This document is copyrighted by the American Psychological Association or one of its allied publishers.
can be seen from the significant DIFFTEST, this substantially worsened the model fit (see Model 7 in Table 2 ). Subsequent inspections based on the MIs revealed that the means of Intellectual (MI ϭ 163.35) and Sensual OE (MI ϭ 22.63) differed across groups with the gifted group scoring higher on both OE domains. The factor variances, covariances, and factor means are shown in Table 3 .
Measurement Invariance Across Gender
Based on the same well-fitting ESEM-Within-CFA model that was fitted on the total sample, measurement invariance was tested across gender groups using the same succession of nested models. Table 4 presents the goodness-of-fit statistics and the DIFFTEST. The first model (i.e., the configural invariant model), showed good fit statistics: RMSEA was well below .05 and CFI and TLI were above .90.
In the next model, weak MI was tested. This resulted in better fit indices (see Model 2 in Table 4 ). However, the chi-square difference statistic (DIFFTEST) was significant. To identify the noninvariant factor loadings, the MIs were inspected. On the basis of this procedure the loadings of Item 43 on Emotional OE (MI ϭ 16.18), Item 31 on Imaginational OE (MI ϭ 12.18), Item 6 on Note. ESEM ϭ exploratory structural equation modeling; CFI ϭ comparitive fit index; TLI ϭ Tucker-Lewis index; RMSEA ϭ root-mean-square error of approximation; psy ϭ psychomotor; sen ϭ sensual; ima ϭ imaginational; int ϭ intellectual; emo ϭ emotional; diff ϭ difference.
This document is copyrighted by the American Psychological Association or one of its allied publishers. This article is intended solely for the personal use of the individual user and is not to be disseminated broadly. In a next step, we tested for partial strong MI (i.e., Model 3). All fit indices improved in comparison to the partial weak MI model. However, the DIFFTEST was again statistically significant. An inspection of the MIs showed that this was due to the third (MI ϭ 8.74) and fourth (MI ϭ 5.49) threshold of Item 49, the third (MI ϭ 4.53) and fourth (MI ϭ 6.51) threshold of Item 38, the third threshold of Item 48 (MI ϭ 4.71), and the third (MI ϭ 3.44) and fourth (MI ϭ 4.71) threshold of Item 37.
Subsequently, partial strict measurement invariance was tested (i.e., Model 4). Again, model fit was good, and compared to the partial strong MI model the approximate fit indices were identical or even better (see Table 4 ). However, the DIFFTEST was significant. The MIs revealed that the unique variances of Items 33 (MI ϭ 14.42), 44 (MI ϭ 11.45), 37 (MI ϭ 7.08), 48 (MI ϭ 6.91), and 38 (MI ϭ 5.57) were smaller for boys than for girls.
Given that partial strong (and even partial strict) invariance can be upheld, differences in factor variances, factor covariances, and factor means between the gender groups were tested. To this end, we first added an equality constraint on the factor variances to the partial strict invariance model (i.e., Model 5 in Table 4 ). As can be seen from the DIFFTEST, this additional constraint did not worsen the model fit. Next, we further restricted the model by putting an additional invariance constraint on the factor covariances (i.e., Model 6). From this test it appeared that the covariance between the Imaginational OE and the Psychomotor OE was noninvariant across the gender groups, with both OEs being negatively related in boys but not in girls. Finally, we examined whether the factor means were equal across gender by testing whether the previous model with the partial invariant factor variances and covariances fitted the data significantly better than a model with partial invariant factor variances, covariances, and invariant factor means. As can be seen in Table 4 (Model 6), this is the case, which implies that the means are not equal for boys and girls. To exactly locate those differences, we inspected the MIs, and these revealed that the means of Emotional (MI ϭ 198.52), Intellectual (MI ϭ 16.13), Psychomotor (MI ϭ 16.07), and Sensual OE (MI ϭ 14.68) were noninvariant across gender, with girls scoring higher on Emotional and Sensual OE, and boys scoring higher on Intellectual and Psychomotor OE (see Table 5 ).
Conclusions and Discussion
The first purpose of this study was to assess the factorial validity of the OEQ-II scores by means of the ICM and ESEM. Only the ESEM-solution yielded fit statistics that were in support of the hypothesized five-factor structure of the OEQ-II scores. That the ICM was not able to fit the data adequately did not come as a surprise. Because the independent clusters model is too restrictive for the complex reality of personality research, researchers have repeatedly experienced difficulties with getting a good fit when personality structure models were evaluated by ICMs (Church & Burke, 1994; Marsh, 2007; Marsh et al., 2009) .
The second purpose of this study was to assess measurement invariance of the OEQ-II scores across intelligence as well as across gender. Our results revealed partial strict measurement invariance across intelligence (i.e., three out of 50 items showed larger unique variances for the nongifted group, and only four out Note. ESEM ϭ exploratory structural equation modeling; CFI ϭ comparitive fit index; TLI ϭ Tucker-Lewis index; RMSEA ϭ root-mean-square error of approximation; psy ϭ psychomotor; sen ϭ sensual; ima ϭ imaginational; int ϭ intellectual; emo ϭ emotional; diff ϭ difference. This article is intended solely for the personal use of the individual user and is not to be disseminated broadly.
of 250 factor loadings were noninvariant), and partial strict measurement invariance across gender (i.e., five items showed larger unique variances for girls than for boys, seven thresholds out of 200 were noninvariant, and only 12 out of 250 factor loadings were noninvariant). Because the proportion of noninvariant parameters is relatively small, these noninvariant parameters did not heavily affect the group comparisons (Byrne et al., 1989; Cheung & Rensvold, 1998; Hofmans, Pepermans, & Loix, 2009; Millsap & Kwok, 2004; Yoo, 2002) . These between-group comparisons revealed that the gifted group scored higher on Intellectual and Sensual OE than the nongifted group, a finding that has consistently been found in previous research (Bouchet & Falk, 2001; Chang, 2001; Chavez, 2004; Pardo de Santayana Sanz, 2006; Siu, 2010; Tieso, 2007; . As such, our study shows that these differences are real, rather than the result of measurement noninvariance of the OEQ-II. At the same time, for the other OE domains, mixed findings have been reported in the literature. Our results suggest that these inconsistencies may have been the result of the failure to distinguish genuine OE differences from noninvariance.
Regarding gender differences, our results are fully in line with the findings of previous studies, which did not took the possibility of differential item functioning into account (Bouchet & Falk, 2001; Gross et al., 2007; Miller et al., 2009; Moon & Montgomery, 2005; Tieso, 2007; Treat, 2006) . In particular, girls showed higher levels of Emotional and Sensual OE, whereas boys scored higher on Psychomotor and Intellectual OE. Thus, it appears that these gender differences are robust. Given the substantial difference in factor means between gender groups, our results clearly point to the need for constructing separate norm scores for both groups.
One limitation of this study is our choice of operationalizing giftedness by using cutoff scores. Perhaps we would have found different results when working with a sample of students who had been clinically identified as being gifted prior to the study. A second limitation is that the same sample was used to obtain the structure of OE and also to test measurement invariance across gender and intellectual level. Cross-validation based on other independent samples would be needed to strengthen our conclusions. Additionally, although our sample turned out to be quite representative with respect to socioeconomic and demographic features, it was a convenience sample. Finally, we relied on the DIFFTEST to evaluate whether there was a significant difference between the nested models. Whereas this chi-square difference test is widely used, it is also known to suffer from the same problems as the traditional chi-square test, that is, it is overly sensitive to minor misspecifications of the model (Hofmans, Dries, & Pepermans, 2008; Marsh et al., 2013) . For this reason, alternative decision rules based on the fit indices were developed (e.g., ⌬CFI Յ .01 and ⌬RMSEA Յ .015; Cheung & Rensvold, 2002; Chen, 2007) . From Tables 2  and 4 , it can be seen that use of these cutoff values would lead to the identification of less (or even no) noninvariant items. Because we chose to be very conservative when testing for measurement invariance, the reported number of noninvariant items should probably be considered as an "upper limit" of the actual number of noninvariant items.
